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Abstract

Background: Al is transforming health care, creating an imperative to integrate Al into medical education. While student
perspectives are well-studied, faculty views, particularly in non-Western contexts, remain underexplored.

Objective: This qualitative study explores the perspectives of 10 medical faculty members from 2 institutions in the United
Arab Emirates on integrating Al into undergraduate medical education.

Methods: This multi-institutional qualitative study used purposive and reflexive sampling to recruit faculty from both public
and private medical universities in the United Arab Emirates. Semistructured interviews were conducted with 10 faculty
members involved in curriculum design, teaching, or assessment. Data collection followed COREQ (Consolidated Criteria for
Reporting Qualitative Research) guidelines. Data were analyzed using a mixed inductive-deductive approach guided by the
thematic analysis framework of Braun and Clarke. Findings were interpreted using the FACETS (Form, Al Use Case, Context,
Education, Technology, and SAMR: Substitution, Augmentation, Modification, Redefinition) framework, which supported a
structured examination of Al integration across different dimensions of teaching and learning.

Results: Faculty primarily used generative Al tools, such as ChatGPT, for content creation, assessment development, and
teaching support, reflecting a preference for accessible and general-purpose technologies. AI was mainly used to enhance
teaching efficiency and support student learning, including personalized study planning and practice activities. Its application
extended across preclinical and clinical contexts, with strong emphasis on adapting content to local cultural and ethical norms.
While Al was perceived to improve efficiency and alignment between teaching and assessment, concerns were raised regarding
equity, overreliance, and variability in student use. Overall, adoption remained focused on enhancing existing practices, with
limited transformative use but recognition of future potential for more advanced applications.

Conclusions: The UAE medical faculty demonstrate cautious optimism toward Al integration, recognizing its potential to
enhance educational efficiency and personalization while emphasizing the critical importance of cultural contextualization.
Current implementation remains at early adoption stages, focused on enhancement rather than transformation. Successful
integration requires faculty development, context-sensitive policies, and equitable implementation strategies that address both
technological and sociocultural dimensions of Al adoption in medical education.
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Introduction

Al refers to computer systems capable of performing tasks
traditionally requiring human intelligence, such as learn-
ing, reasoning, and decision-making [1]. In health care, Al
is increasingly influencing clinical practice by enhancing
diagnostic accuracy, clinical decision support, and predic-
tive analytics [2,3]. Significant advancements have been
demonstrated across multiple specialties [4-8], prompting
discussions about how Al may reshape, supplement, or shift
professional medical roles [9]. Globally, governments and
health systems, including in the United Arab Emirates, are
investing in Al-driven innovations and workforce readiness
initiatives [10,11]. As health care becomes increasingly
digitalized, future physicians will be expected to collaborate
effectively with Al systems, critically evaluate their reliabil-
ity, and make informed clinical judgments in augmented
practice environments [12]. This has led to calls for integrat-
ing Al-related knowledge, critical appraisal skills, and ethical
reasoning into undergraduate medical education [13].

Several studies have explored AI’s potential to enhance
medical teaching across diverse disciplines. For example,
augmented reality has been used to improve the understand-
ing of complex anatomical structures [14]; Al supports
diagnosis and monitoring in ophthalmology [15] and lesion
recognition in dermatology [16], provides adaptive simula-
tion-based training in surgery [17], and enhances image-based
interpretation in radiography through deep learning [18].
More recently, research has focused on generative Al and
large language models (LLMs) in medical education. These
studies describe applications such as supporting simulation-
based training, improving students’ digital literacy and
ethical competencies [19], answering medical licensing exam
questions [20], and comparing Al-generated versus expert-
generated questions [21]. Beyond assessment, generative
Al has been explored as a virtual mentor and educational
support tool [22], delivering personalized formative feedback
efficiently [23], enhancing case-based learning, and aligning
Al-based grading with teacher evaluations [24]. LLMs have
also demonstrated potential in enabling authentic assessments
by providing immersive, real-world evaluation experiences
[25].

Integrating AI into medical education represents a
significant pedagogical shift, with students as the primary
recipients of innovation and faculty as the key drivers of
its implementation. Evidence suggests that students generally
hold positive attitudes toward Al, recognize its potential to
enhance learning and diagnostic reasoning, and advocate for
structured training within the curriculum [26-28]. However,
faculties face substantial challenges at both personal and
institutional levels [29]. Multicenter studies indicate that,
despite generally positive faculty attitudes, significant gaps
remain in formal Al training and knowledge [30]. Faculty
engagement is critical for successful curricular reform, as
their beliefs, readiness, and professional development directly
influence adoption and sustainability [31]. Therefore, efforts
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to integrate Al must address faculty concerns and actively
involve them in the process. Moreover, effective adoption
requires a contextualized approach that considers local
educational, cultural, and institutional factors [32]. Despite
the growing body of literature on Al in medical education,
most studies have focused on technological applications,
expert perspectives, or student perspectives, with compara-
tively limited attention to faculty experiences, particularly
in the Middle East and the UAE context. There is a lack
of context-specific evidence on how faculties perceive their
readiness, roles, and challenges in integrating Al into existing
curricula. Therefore, this study aims to explore medical
faculty perspectives on the integration of Al into undergradu-
ate medical education in the United Arab Emirates, focusing
on their experiences, perceived readiness, and implementation
challenges. The study applies the FACETS (Form, AI Use
Case, Context, Education, Technology, and SAMR: Substitu-
tion, Augmentation, Modification, Redefinition) framework
to move beyond descriptive accounts and provide a theoreti-
cally informed, multidimensional analysis of Al integration in
medical education.

Methods

Study Design

A qualitative descriptive approach was used to explore faculty
perspectives on integrating Al into medical education in
the United Arab Emirates. This study followed the COREQ
(Consolidated Criteria for Reporting Qualitative Research)
guidelines [33]. Semistructured interviews were conducted to
capture faculty experiences, beliefs, and concerns regarding
Al integration while allowing flexibility to pursue emerging
topics of significance to participants.

Epistemological Position

This study adopts a critical realist epistemological stance,
acknowledging that while participants’ experiences and
perspectives represent real phenomena, our interpretation
and presentation of these experiences are inevitably shaped
by our theoretical lenses, disciplinary backgrounds, and the
analytical frameworks we employ.

Sampling

A purposive sampling approach was employed to identify
and recruit faculty members from the medical schools in the
United Arab Emirates: either a government-funded public
university or a private, internationally affiliated institution,
located in the United Arab Emirates. Eligible participants
were those actively involved in curriculum development,
teaching, or assessment. Invitations were distributed via
departmental mailing lists and targeted emails to faculty with
relevant roles.

An initial pool of 47 faculty members was identified,
of whom 22 responded to a screening questionnaire assess-
ing academic roles, experiences, and familiarity with Al
Fifteen met the inclusion criteria, and 7 participated in the
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initial round of interviews. Following preliminary analysis,
additional participants were recruited using reflexive and
snowball sampling to ensure representation across disciplines
(clinical, basic sciences, and medical education) and varying

Figure 1. Participant recruitment flow: qualitative study of United Arab Emirates University faculty.

levels of Al experience. A total of 10 faculty members were
interviewed. The term “key informants” refers to participants
selected based on their roles, experiences, or departmental
affiliations relevant to the study (Figure 1).

i

Step 1—initial identification

Potential participants identified through the UAEU medical education department
database, including faculty profiles, curriculum roles, teaching responsibilities, and
scholarly interests.

\

Step 2—screening survey

Online questionnaire sent by mass email to identified faculty. The survey screened for
eligibility and collected demographic/contextual data: department, years of experience,
curriculum-design involvement, self-rated Al understanding, and prior use of Al tools in
education.

v

Step 3—purposive sampling and invitations

The 15 eligible faculty represented diversity in discipline (clinical, basic sciences,

and medical education), institutional role, and Al experience. These 15 were purposively
invited and contacted individually with study information, confidentiality procedures,
and consent forms.

v

Step 4—interview scheduling

Interviews were scheduled at participants’ convenience, with flexibility for
rescheduling. All participants were based at their main campuses, and interviews were
conducted online to accommodate geographic distribution.

\

Step 5—reflexive sampling

After preliminary analysis of the first 7 interviews, gaps were identified in sample
representation—especially medical education and leadership roles such as chairs/program
directors. Reflexive and snowball sampling were then used to recruit participants able

to provide contrasting and underrepresented perspectives.

v
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Step 6—saturation assessment

Recruitment continued until thematic saturation was achieved. Saturation was formally
assessed after each interview using structured debriefing. Saturation was confirmed
after interview 8 and verified through interviews 9 and 10, with no new substantive
themes emerging.
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Sampling sequence: identification - screening - purposive invitation - interviews — reflexive recruitment — saturation verification

Recruitment continued until thematic saturation was reached.
Saturation was observed after 8 interviews and confirmed
with 2 additional interviews, with no new themes emerging.
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range of perspectives.

All interviews were conducted online. Participants were
based at their respective institutions, and the inclusion of
faculty from both public and private settings allowed for a
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Data Collection

This study took place in the United Arab Emirates between
January and April 2025. We recruited participants from
institutions that offer MBBS programs accredited by the
Commission for Academic Accreditation.

An initial online questionnaire was used to screen
participants and collect demographic and contextual
information. It served both as a screening tool to identify
eligible participants based on curriculum involvement and
Al knowledge and as a means of gathering background
data, including departmental affiliation, years of experience,
curriculum involvement, self-rated AI understanding, and
prior experience with Al tools in education.

Faculty who met the inclusion criteria and expressed
interest were invited to participate in the interviews.

Data were collected through semistructured online
interviews using a predefined interview guide (Multime-
dia Appendix 1), which was reviewed by experts in med-
ical education and qualitative research. Verbal informed
consent was obtained before each interview. Interviews lasted
between 30 and 60 minutes and were audio-recorded and
transcribed verbatim. Audio recordings were deleted after
transcription to ensure confidentiality.

Interviews were conducted by AR, a public health faculty
member with experience in qualitative research, with support
from MF and UH. Some participants were known to the
research team in a professional context. However, participa-
tion was voluntary and interviews were conducted independ-
ently of prior relationships. Participants were informed about
the study purpose, confidentiality measures, and their right to
withdraw.

Field notes were recorded during and after interviews
to capture contextual observations and initial reflections.
Transcripts were retained to support reflexivity, allowing
repeated engagement with the data, reflection on researcher
assumptions, and maintenance of an audit trail of analyti-
cal decisions. Transcripts were returned to participants for
verification. NVivo (version 15; Lumivero) was used to
support data management and analysis.

Data Analysis

Data were analyzed using reflexive thematic analysis,
informed by the 6-phase approach of Braun and Clarke [34].
After transcription, the transcripts were read repeatedly to
ensure familiarization with the data. Coding was conducted
inductively, with codes generated directly from participants’
accounts rather than from a preexisting framework.

The initial coding was carried out independently by
2 analysts (AR and UH). The analysts met regularly to
compare coding decisions, discuss interpretations, and refine
the developing coding structure through an iterative process
of discussion and review.

Codes were then grouped into candidate themes by
identifying patterns of shared meaning across the dataset.
These themes were reviewed against the coded extracts
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and full transcripts to ensure coherence, distinctiveness, and
relevance to the research question. Themes were then defined,
named, and organized into a coherent analytic narrative.

Once initial themes were developed, the FACETS
framework was used as an interpretive lens to further
structure and refine the findings [35,36]. This allowed
the analysis to remain grounded in participants’ accounts
while also supporting a more structured interpretation of Al
integration across multiple dimensions.

Researcher Reflexivity and Positionality

Prior to the study, the research team engaged in reflexivity
discussions to consider how their disciplinary backgrounds,
professional roles, and assumptions might influence the
research process. The team included a public health faculty
member with qualitative research experience (AR), clinical
faculty members involved in medical education and curricu-
lum-related work (MF and UH), and a medical education
scholar (SW). These backgrounds provided complementary
perspectives related to curriculum development, educational
innovation, and the integration of Al in health professions
education.

The team acknowledged a shared preconception that
Al holds important potential for medical education, while
also recognizing concerns related to ethics, equity, over-
reliance, and contextual appropriateness within the UAE
setting. We also recognized that our academic positions and
prior engagement with medical education may have shaped
the issues we considered important and the meanings we
foregrounded during the analysis. To mitigate the influence
of these assumptions, we used a semistructured interview
guide, maintained reflexive memos throughout data collection
and analysis, and engaged in regular analytic discussions
to ensure that findings remained grounded in participants’
accounts.

Trustworthiness

Several strategies were used to enhance the trustworthiness
of the study. Credibility was supported through in-depth,
semistructured interviews, prolonged engagement with the
transcripts, iterative analytic discussions among the research
team, and the inclusion of verbatim quotations to illustrate the
themes. Dependability was strengthened through a transparent
and documented analytic process, including coding records,
reflexive memos, and an audit trail that tracked the devel-
opment of themes from raw data to final interpretation.
Confirmability was addressed through reflexive practice,
explicit acknowledgment of researcher assumptions, and
grounding interpretations in participants’ own words, as well
as returning the transcript for some participants for validation.
Transferability was supported by providing a clear description
of the study context, participant characteristics, institutional
settings, sampling strategy, and recruitment process, allowing
readers to assess the relevance of the findings to similar
contexts.
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Ethical Considerations

The study was approved by the UAE University Ethics Board
(reference ERSC_2024_4790). Participation was voluntary,
and all participants provided informed consent. No finan-
cial or other compensation was provided to participants.
Data confidentiality and anonymity were strictly maintained
throughout the research process.

Results

Perspectives on Integration and Current
Practices

Overview

The study included 10 faculty members and represented a
range of disciplines, including emergency medicine, internal

Table 1. Characteristics of key informants (N=10).
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medicine, public health, obstetrics and gynecology, pathol-
ogy, and medical education. Most had extensive involvement
in curriculum design, with a few serving in a curriculum
leadership capacity. The self-rated understanding of Al
ranged from “moderate” to “good” (Table 1).

Participant ID Department Role in curriculum design University type Self-rated understanding of Al
KI-01 Emergency medicine Extensive Public Good
KI-02 Internal medicine Limited Public Moderate
KI-03 Public health Extensive Public Moderate
KI-04 Medical education Extensive Public Moderate
KI-05 Internal medicine Extensive Public Expert
KI-06 Obstetrics and gynecology Extensive Public Good
KI-07 Pathology Lead Private Moderate
KI-08 Medical education Moderate Public Good
KI-09 Medical education Extensive Public Good
KI-10 Medical education Moderate Public Good

The following findings are organized according to the
FACETS framework (Figure 2). Beyond identifying where
and how AI was being used, the analysis also revealed
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how faculty interpreted the meaning, limits, and implica-
tions of this integration within their specific institutional and
sociocultural context.
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Figure 2. Faculty perspectives on themes related to strategically integrating Al in UAE medical education. FACETS: Form, Al Use Case, Context,
Education, Technology, and SAMR; NLP: natural language processing; SAMR: Substitution, Augmentation, Modification, Redefinition.

Clinical and preclinical settings

Cultural and ethical adaptation

FACETS
category

Tool simplicity and fit

Technology

Form of Al
NLP-based generative Al

This figure presents the 6 themes identified through the
reflexive thematic analysis and shows how they were
organized using the FACETS framework and interpreted
alongside the SAMR model. The FACETS domains are
Form (type of Al used), Al use case (how Al was applied),
Context (where and under what sociocultural conditions
Al was used), Education (teaching, learning, and assess-
ment functions), Technology (tools and platforms adopted),
and SAMR (level of educational technology integration).
The figure shows that faculty perspectives clustered around
accessible generative Al tools, especially natural language
processing (NLP) applications, with reported uses in teaching
support, assessment, and personalized learning. Participants
emphasized the importance of contextualization to the UAE
setting, including cultural, ethical, and language considera-
tions. Across the dataset, the current Al use was interpre-
ted mainly at the substitution and augmentation levels, with
more limited examples of Modification and anticipated future
potential for Redefinition.

(F)—Form of Al: A Monoculture of Generative
NLP Tools

The analysis revealed a distinct homogeneity in the form of
Al being adopted, which is almost exclusively centered on
NLP-based generative Al, with ChatGPT as the dominant
platform. This indicates that faculty are gravitating toward
accessible, general-purpose tools rather than specialized
educational software. The primary use of these tools was to
act as an efficiency engine for content creation and simpli-
fication. Faculty leveraged them not for complex analytical
tasks but to rapidly generate and refine textual and concep-
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Assessment alignment

Education focus
Learning objectives

Teaching delivery

Substitution and augmentation

Redefinition

Assessment generation
Al use case
Personalized learning

tual materials, effectively using Al as a powerful, on-demand
assistant to streamline their workflow.

Even using the free version... you can engineer a
prompt for a lecture or concept and ask it to explain
it in your own language and level. [KI-07]

Al like ChatGPT is my assistant when writing problem-
based cases. [KI-09]

(Al)—Al Use Case: Augmenting Educator
Productivity and Enabling Student
Personalization

The use cases for Al crystallized into 2 dominant patterns:
enhancing faculty productivity and facilitating student-cen-
tered learning. For educators, the most significant applica-
tion was in assessment generation and content authoring.
Faculty reported using Al as a collaborative draftsperson
to create a wide range of assessment items, from multiple-
choice questions (MCQs) to clinical scenarios. This use was
primarily motivated by a need for efficiency and diversity,
allowing them to quickly generate a larger and more varied
pool of teaching materials while ensuring alignment with
learning objectives.

I use ChatGPT to generate MCQs and essay questions
across Bloom’s taxonomy. [KI-07]

We’ve used it to create questions that match learning
outcomes in less time. [KI-10]
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Conversely, faculty members observed that students were
leveraging the same tools for personalized learning. Students
proactively used Al to create custom study plans, deconstruct
complex topics, and generate adaptive practice questions,
effectively creating a personal tutor. This divergence in use
cases highlights AI’s dual role: as a productivity tool for
instructors and an adaptive learning scaffold for students.

It gives different versions every time you prompt it.
That’s powerful for revising topics. [KI-10]

Students ask Al for feedback or use it to rehearse for
OSCEs. [KI-04]

(C)—Context: Pervasive Application Demands
Conscious Localization

The context of Al application was notably broad, spanning
both preclinical and clinical phases of the curriculum. Faculty
reported using Al to develop materials for problem-based
learning and team-based learning, indicating its utility across
diverse pedagogical frameworks. This demonstrates that Al is
not confined to a single teaching methodology but is seen as a
flexible resource adaptable to various educational settings.

We are already using Al in developing simulation-
based clinical cases for team-based learning. [KI-07]

Al offers real support for students preparing for
bedside clinical reasoning. [KI-04]

More significantly, a powerful and recurring subtheme was
imperative for culturally and ethically relevant integration.
Participants universally emphasized that the default outputs
of global Al models were insufficient for their context. They
stressed the necessity of actively localizing content to align
with the UAE’s specific socioreligious values, particularly
concerning family structures, language, and ethical norms.
This was not seen as a minor adjustment but as a fundamental
requirement for the responsible and effective use of Al in
their educational environment.

You cannot just rely on global Al content. You
must contextualize for family, religion, and language.
[KI-06]

Localization is not optional, it is essential for meaning-
ful learning in our setting. [KI-05]

Participants also provided some examples of what cultural
and ethical localization might look like in practice. One
participant linked localization to personalized learning
systems that could monitor learner progress and identify
strengths and weaknesses, while also noting the privacy
implications of such systems:

Learning and having eventually soon having sys-
tems that help with tracking learners, tracking their

progress. Personalized learning... it can be much
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easier to identify students who are progressing faster
than others and what areas exactly are their weak-
nesses and strengths. [KI-09]

The same participant raised an important ethical concern.

There is one huge negative there, or not negative but
concern, which is that the learners have to give up some
privacy... have to agree that this system is going to
monitor you.

Let’s say we want more restrictions, especially ethical,
like an Islamic kind of thing... maybe we want to add
more sections to the engine. This should be feasible,
and then we want to feed it with our own... institution,
feed it with our own data and make use of it definitely.
[KI-09]

These examples suggest that localization was discussed
not only as a general principle but also as an emerging
practical consideration, even if not yet implemented as a
formalized institutional process.

(E)—Education Focus: Streamlining Delivery
and Reimagining Assessment

The educational focus of Al use manifested in 2 key areas:
refining assessment strategies and enhancing curriculum
delivery. In the realm of assessment, faculty reported that
Al was not just a tool for creating more questions, but for
creating better-aligned and more authentic evaluations. By
automating the generation of standard items (like MCQs), Al
was perceived to free up faculty time and cognitive resour-
ces to focus on designing complex assessments that measure
higher-order thinking skills, such as reflection and clinical
problem-solving.

We can finally return to authentic assessments—
reflection, problem-solving, not just MCQs. [KI-08]

Al assists me in validating that my questions match
course objectives. [KI-01]

In terms of teaching and curriculum delivery, Al was
integrated as a core workflow tool for instructional design.
Faculty used it to draft lesson outlines, generate ideas for
learning activities, and even simulate dialogue for feedback
conversations. This use case positions Al as a collaborative
thought partner in the planning stages of teaching, helping to
structure and enrich the educational experience before it even
reaches the classroom.

Al is part of my teaching workflow now. It drafts
outlines and gives me ideas for activities. [KI-02]

I even use it to match learning goals with appropriate
teaching methods. [KI-01]

Analytically, this shows that faculty are leveraging Al
to enhance both ends of the educational process, such as
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the initial design of instruction and the final evaluation
of learning, thereby strengthening the overall alignment of
the curriculum. Analytically, this suggests that faculty are
using Al not only to reduce workload but also to reinforce
constructive alignment between teaching, assessment, and
learning outcomes. In this sense, Al is being positioned as
a tool that may support pedagogical coherence, even where its
use remains primarily supportive rather than transformative.

(T)—Technology: A Pragmatic Approach
Favoring Accessibility Over Specialization

The technology dimension revealed a distinctly pragmatic
and cautious approach to tool selection. Rather than enthusi-
astically adopting a wide array of specialized educational Al
platforms, faculty exhibited a strong preference for a few
accessible, general-purpose tools such as ChatGPT, Notion
Al, and Copilot. This suggests that low barriers to entry,
including cost, ease of use, and immediate utility, are more
significant drivers of adoption than advanced, niche features.

A notable finding was the explicit caution against
technological overload. Faculty voiced a strategic reluctance
to invest time in learning numerous platforms, advocating
instead for a focused and mastery-based approach to a select
few tools that demonstrably improved their core tasks.

We should not get lost in fancy tools. Just choose what
improves your teaching or assessment. [KI-01]

Using Al has to be realistic—we can’t expect all tools
to work with our curriculum. [KI-09]

This pragmatic stance suggests that faculty adoption is
shaped not by enthusiasm for technological novelty alone
but by selective judgment about feasibility, usefulness, and
curricular fit. It also indicates that institutional Al strategies
may be more effective when they emphasize a focused,
sustainable set of tools rather than a broad and potentially
overwhelming range of platforms. This apparent tension
reflected a distinction between present feasibility and future
possibility. Faculty favored simple tools for current use
because they were practical and manageable, while viewing
more transformative Al applications as contingent on future
training, infrastructure, and institutional support.

(S)—SAMR Model of Integration

Analyzing the data through the SAMR model revealed that
current Al integration is predominantly at the substitution
and augmentation levels, indicating a focus on enhancing
efficiency rather than achieving pedagogical transformation.
At the substitution level, Al directly replaced existing tools,
for instance, in drafting assessment questions.

We used to spend hours on question writing—now Al
does the first draft. [KI-08]
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At the augmentation level, AI provided functional
improvements to existing tasks, such as generating more
diverse question formats or providing faster feedback, thus
augmenting faculty capabilities.

It augments how we teach—faster feedback, more
questions, better materials. [KI-08]

While instances of modification (significantly redesign-
ing tasks) were rare, faculty optimism pointed toward the
potential for redefinition (creating previously inconceivable
tasks). They envisioned Al-powered simulations for clinical
communication or adaptive tutoring systems, suggesting a
trajectory toward more transformative integration in the
future, even if not yet realized in practice.

I see potential in Al chat simulations for clinical
communication training. [KI-03]

Soon, Al will co-facilitate reflective learning and
structured feedback. [KI-07]

This analysis, through the SAMR lens, confirms that while
Al is a valuable supportive tool, its use has not yet funda-
mentally redefined educational paradigms in this context.
Analytically, this pattern indicates that current AI adoption
remains concentrated at the level of workflow enhancement
rather than pedagogical redesign. The significance of this
finding is that faculty are beginning to integrate Al into
routine educational practice, but most uses have not yet
altered the underlying structure of teaching and assessment
in a transformative way.

Strategic Priorities for Future
Implementation

For Al to be a constructive force in medical education,
participants proposed that 2 interlinked priorities must
be addressed: faculty preparedness and the prevention of
inequities.

Faculty Readiness and Development

Faculty members call for structured training programs on
prompt engineering, ethical use, and curriculum alignment.

Faculty development is urgently needed; many still
don’t know how to prompt properly. [KI-02]

We need structured workshops on how to use Al
ethically and effectively. [KI-04]

Equity and Overdependence Risks

Equally important is the implementation of strategies to
mitigate the risks of digital disparities and academic
misconduct. Faculty expressed concerns about performance
gaps resulting from digital disparities and unethical shortcuts
taken by students.
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Al may widen the performance gap between high- and
low-GPA students. [KI-04]

Some are copying Al responses without understanding;
it’s a dangerous trend. [KI-09]

Together, these priorities show that faculty do not view Al
integration as a purely technical implementation challenge.
Rather, they frame it as an institutional and pedagogical
transition requiring capability building, ethical safeguards,
and attention to unequal patterns of access and use. This
helps explain why participants’ views were simultaneously
optimistic about AI’s potential and cautious about its
educational consequences.

Discussion

Overview of Al Integration in UAE
Medical Education

Faculty in this study generally reported positive perceptions
of Al integration in medical education in the United Arab
Emirates, particularly in relation to assessment, feedback,
lesson planning, and personalized learning. At the same time,
participants highlighted concerns regarding ethical consid-
erations, regulatory oversight, and the need for culturally
appropriate implementation. The findings suggest that Al
integration in UAE medical education is expanding, with
both faculty and students benefiting from its accessibility
and versatility. The current use remains largely focused
on NLP-based tools such as ChatGPT for tasks including
content authoring, assessment generation, feedback, and
communication simulation. Faculty also expressed optimism
about the potential of Al-powered simulations and adaptive
tools for communication and reflective learning. Al appli-
cations now span both preclinical and clinical modules,
with notable innovations in team-based and problem-based
learning environments. Although Al supports more personal-
ized learning and better alignment between assessments and
learning outcomes, participants raised concerns about equity
and overreliance, emphasizing that unequal access, differen-
ces in digital literacy, and potential misuse could widen
performance gaps among students.

Alignment With International Literature

These findings are consistent with international literature on
the expanding role of generative Al tools, particularly LLMs
such as ChatGPT, in medical education. Similar to other
studies, participants recognized AI’s potential to enhance
productivity, deepen understanding of medical concepts, and
enrich learning experiences for both educators and students
[37]. Faculty primarily use Al to streamline routine tasks,
such as creating MCQs and preparing lectures, rather than
for full pedagogical transformation, which is consistent with
existing literature [35]. While the international literature
increasingly emphasizes the role of Al in enabling personal-
ized learning through real-time feedback and adaptive content
delivery [38-40], participants in this study expressed these
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possibilities more as future aspirations than as fully realized
practices [38-40].

Cultural Localization and Ethical
Considerations

While much of the Western literature focuses on concerns
about data privacy and academic integrity [41], the find-
ings of this study suggest a relatively stronger empha-
sis on responsible and context-sensitive adoption. Faculty
perspectives reflected a balance between recognizing Al’s
educational potential and maintaining pedagogical integrity,
indicating that adoption within the UAE context may
be shaped not only by technological capability but also
by institutional priorities and broader sociocultural consid-
erations. This perspective supports calls for context-sensi-
tive Al integration strategies, particularly in non-Western
and culturally diverse settings [42.43]. Participants further
expressed concerns regarding equity and the risk that AI
could widen existing educational gaps, reflecting broader
literature on the digital divide in AI usage [44]. Over-
reliance on Al tools emerged as another potential chal-
lenge, with participants noting the risk of undermining
critical thinking and independent learning skills [45]. Finally,
faculty emphasized a strong need for structured professio-
nal development, as the lack of formal training may hinder
effective Al integration into teaching practice [46].

Theoretical Implications

Viewed through the FACETS framework, this study
highlights the multidimensional nature of AI adoption
in medical education. Faculty recognized AI’s value in
supporting diverse educational forms such as content
generation and personalized learning and in enabling a
range of practical AI use cases that align learning out-
comes with curricular goals while maintaining ethically and
technologically sound practices. In the UAE context, ethics
and curricular contextualization were especially emphasized,
reflecting the importance of culturally aligned, locally
regulated, and pedagogically coherent implementation.

These findings extend the FACETS framework by
demonstrating how contextual factors influence each
dimension. In particular, cultural expectations, regulatory
considerations, and institutional policies influence how Al
tools are selected (technology), applied (Al use case),
and embedded within teaching practices (education focus),
highlighting that effective Al integration depends not only on
technological readiness but also on alignment with institu-
tional and sociocultural norms [47].

Within this framework, the SAMR model illustrates
the progression of Al adoption. Early integration occurs
primarily at the substitution and augmentation levels, where
technology enhances efficiency without altering pedagogy
[36]. Faculty described using AI to automate tasks such
as question generation, feedback preparation, and lesson
planning, emphasizing that AI currently functions as a
supportive tool rather than a transformative one. At the
augmentation level, Al provides functional enhancements
such as adaptive explanations and improved assessment

JMIR Med Educ 2026 | vol. 12 1e90192 1 p. 9
(page number not for citation purposes)


https://mededu.jmir.org/2026/1/e90192

JMIR MEDICAL EDUCATION

design that extend faculty capabilities without altering
instructional design [36]. The predominance of augmenta-
tion-level use may be explained by several interrelated
factors. First, limited formal training and a lack of struc-
tured faculty development may constrain educators’ ability
to integrate Al in more pedagogically transformative ways.
Second, institutional and regulatory uncertainties, including
concerns about academic integrity, data privacy, and ethical
use, may encourage cautious adoption. Third, infrastructural
and curricular constraints, such as limited access to advanced
Al tools or a lack of integration within existing curricula,
may further restrict progression toward higher levels of the
SAMR model. Together, these factors contribute to a pattern
of incremental rather than transformative adoption.

Some faculty, however, expressed confidence in Al’s
potential for more advanced use, reflecting early move-
ment toward modification and redefinition. At the modifica-
tion stage, they envisioned Al supporting more interactive,
student-centered learning through adaptive case discussions
or personalized tutoring. At the redefinition stage, they
anticipated Al-powered simulations and tailored feedback,
enabling entirely new learning tasks. These beliefs are
supported by emerging research exploring the educational
potential of generative AI in medical education [4849].
Opverall, while the current use remains focused on enhance-
ment, there is growing confidence that Al integration could
progress toward more transformative applications.

Practical Implications

The findings have several practical implications for medical
education policy and practice in the United Arab Emirates.
Faculty members’ generally positive attitudes toward Al
demonstrate institutional readiness for structured adoption;
however, the current use remains primarily task-enhancing
rather than transformative. Medical schools should there-
fore develop comprehensive, curriculum-aligned strategies
that support higher-level educational transformation through
simulation-based learning, adaptive feedback, and decision-
making support [50].

To support this transformation, institutions should
prioritize faculty development through targeted training
programs, interactive workshops, and interdisciplinary
collaboration with Al specialists [51]. These efforts should
focus on prompt engineering, ethical and critical evaluation
of Al-generated outputs, and the effective integration of Al
with learning objectives [52]. Such initiatives will not only
enhance pedagogical innovation but also empower faculty to
guide students in the responsible and informed use of Al.

At the policy level, medical schools need to establish
frameworks addressing academic integrity, data privacy, and
equitable access [53]. These policies must be informed by
UAE-specific cultural and ethical considerations to ensure
that Al adoption remains contextually relevant and socially
responsible [54]. Moreover, equity-related concerns must
be proactively addressed by improving digital literacy and
ensuring fair access to Al tools among all students [44].
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Fostering interdisciplinary collaboration among educators,
Al specialists, and policymakers will be essential to ensure
that the integration of Al in medical education evolves in
a balanced, ethical, and inclusive manner, enhancing both
learning quality and institutional sustainability [55].

Limitations and Future Research
Recommendations

While this study provides novel insights into faculty
perceptions of Al integration in medical education, several
limitations should be noted. Although our study included
faculty from both public and private institutions, providing
some diversity in institutional perspectives, the sample was
limited to 2 universities in the United Arab Emirates. Future
research should include a broader representation of medical
schools across the region to enhance transferability. Second,
the study relied on qualitative data, offering an in-depth
understanding but not providing quantifiable measures of
attitudes or behaviors. Third, given the rapidly evolving
nature of generative Al technologies, participants’ experi-
ences and perceptions may change as tools advance and
institutional policies develop. Continuous monitoring and
follow-up research are therefore necessary to examine how
faculty adoption evolves over time. The findings should be
interpreted within the context of qualitative inquiry, where
the goal is analytic depth and contextual understanding
rather than statistical generalizability. Although the sample
was limited to 10 faculty members from 2 institutions,
the study aimed to generate rich, context-specific insight
rather than represent the full UAE medical faculty landscape.
Readers should therefore consider the findings in terms of
their transferability to similar educational settings rather than
population-level generalization.

Future studies could adopt multi-institutional or cross-
national designs to capture a broader range of perspectives
and contextual influences. Additionally, exploring how Al
integration affects learner outcomes, including motivation,
critical thinking, and professionalism, would provide a more
comprehensive understanding of its educational impact.

Conclusion

This study reveals positive views among UAE medical
faculty members toward incorporating Al into the curriculum,
highlighting its potential to enhance assessment, feedback,
planning, and personalized learning. Faculty recognize AI’s
growing role for efficiency and educational alignment in
preclinical and clinical settings. Early signs of deeper
integration, such as adaptive simulations, indicate a shift
toward more advanced use. However, concerns about ethics,
regulation, culture, and digital equity highlight the need for
cautious, context-aware adoption. Future efforts should focus
on enhancing institutional readiness and developing inclusive
frameworks that foster responsible innovation. These insights
can inform policy discussions and practice within similar
institutional contexts in the United Arab Emirates and provide
a foundation for further research.
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