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Abstract
Background: AI is being increasingly integrated into health care and medical education. Although AI literacy is considered
an essential competency for future physicians and educators, limited evidence exists regarding how perceived benefits,
perceived risks, and AI literacy jointly influence AI use intention among different learner groups.
Objective: This study examined the factors associated with AI use intention among medical students and faculty members and
investigated whether the relationships between AI literacy and AI use intention differed according to learner group.
Methods: A cross-sectional self-report survey was conducted among 141 medical students and 94 faculty members (N=235)
at a single South Korean medical school. Group-specific linear regression models were estimated for descriptive purposes. To
directly test whether associations differed between groups, a pooled regression model included group-by-predictor interaction
terms for perceived benefits, perceived risks, AI literacy, and AI use frequency. HC3 heteroscedasticity–robust SEs were used
for primary inference, and ordinal logistic regression was conducted as a sensitivity analysis because the 5-point intention
outcome showed a marked ceiling effect.
Results: Perceived benefits were positively associated with AI use intention in both groups. In the pooled HC3-robust model,
the group-by–AI literacy interaction was significant (B=0.361, 95% CI 0.083-0.638; P=.01), whereas the interactions for
perceived benefits, perceived risks, and AI use frequency were not significant. The group-by–AI literacy interaction remained
significant in ordinal logistic regression (odds ratio 2.48, 95% CI 1.24-4.98; P=.01). In subgroup models, the negative adjusted
AI literacy coefficient among students was model dependent, and the positive perceived risk coefficient was not robust to HC3
inference. Among faculty members, AI use frequency remained positively associated with use intention using both HC3 linear
regression (B=0.137, 95% CI 0.025-0.249; P=.02) and ordinal logistic regression (P=.02).
Conclusions: Perceived benefits were consistently associated with stronger AI use intention. The adjusted association
between AI literacy and use intention differed between students and faculty, although the subgroup-specific student coefficient
was sensitive to model specification. These findings provide exploratory evidence that learner context may shape the relation-
ship between AI literacy and broad self-reported AI use intention; they do not establish causal effects or the effectiveness of
specific curricular strategies.
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Introduction
AI is rapidly transforming health care by supporting clinical
decision-making, diagnosis, treatment planning, and health
care management. Recent advances in generative AI have
further expanded its applications in medical education,
including personalized learning, clinical reasoning, assess-
ment, and feedback. As AI becomes increasingly integrated
into health care, physicians are expected to use AI not merely
as a technical tool but also as a collaborative partner in
clinical practice. Accordingly, medical schools are challenged
to prepare future physicians and educators who can critically
evaluate AI-generated information, recognize its limitations,
and integrate it appropriately into clinical decision-making
and lifelong learning [1-5].

AI literacy has therefore emerged as an essential com-
petency in medical education. AI literacy encompasses
the knowledge, skills, and attitudes required to access,
understand, critically evaluate, and appropriately apply AI
technologies in professional practice [6-9]. International
organizations, including the World Medical Association,
have emphasized that physicians should develop compe-
tencies enabling them to use AI responsibly while main-
taining professional accountability [6]. In parallel, many
medical schools have begun introducing AI-related curric-
ula and faculty development programs to prepare learners
for AI-supported health care environments [7-9]. However,
acquiring AI knowledge alone may not be sufficient to
encourage meaningful AI adoption in educational or clinical
settings.

Previous studies examining AI acceptance among health
care professionals and medical students have consistently
demonstrated that perceived usefulness or perceived benefits
are among the strongest determinants of technology accept-
ance [10-14]. According to the technology acceptance model
(TAM) and the unified theory of acceptance and use of
technology (UTAUT), individuals are more likely to adopt
a technology when they believe that it will improve their
performance or productivity [13,14]. Conversely, perceived
risks—including concerns regarding diagnostic errors, ethical
issues, privacy, and professional responsibility—may reduce
willingness to adopt AI, although previous findings have been
inconsistent across health care settings and participant groups
[10,15-17].

In the present study, perceived benefits were used as a
context-specific umbrella construct corresponding conceptu-
ally to perceived usefulness in the TAM and performance
expectancy in the UTAUT. It encompassed more specific
expectations that AI may improve efficiency, diagnostic
or clinical accuracy, and decision support. Perceived risks
represented a distinct evaluative belief concerning potential
harm, including impaired judgment, AI-related error, and
privacy concerns, rather than the simple inverse of per-
ceived benefits. AI literacy was conceptualized separately
as a self-reported capability to access, understand, evalu-
ate, and apply AI-related information, not as an acceptance
belief. The learner group was examined as a contextual

moderator reflecting differences in professional responsibil-
ity, experience, and opportunities for authentic AI use.
Accordingly, this study did not test a complete causal
TAM or UTAUT model; it used an exploratory association
framework to examine the unique and potentially group-
dependent contributions of these constructs to broad AI use
intention.

Compared with perceived benefits and risks, the educa-
tional role of AI literacy remains less clear. AI literacy
is generally regarded as a desirable educational outcome
because it improves users’ ability to understand AI tech-
nologies and critically evaluate AI-generated information.
However, greater AI literacy may also increase awareness of
AI limitations, uncertainty, and ethical concerns, potentially
leading to more cautious attitudes toward AI use. Previous
studies have therefore reported inconsistent relationships
between AI literacy and AI acceptance, suggesting that its
influence may depend on learners’ educational experiences
and professional contexts rather than representing a uniformly
positive determinant of AI use intention [18,19].

An important gap remains in the existing literature. Most
previous studies have investigated medical students or health
care professionals separately, making it difficult to determine
whether the factors associated with AI use intention oper-
ate similarly across learner groups [10-12,18,19]. Medical
students and faculty members differ substantially in clini-
cal experience, educational responsibilities, opportunities to
apply AI in practice, and expectations regarding patient care.
These contextual differences may influence how perceived
benefits, perceived risks, and AI literacy contribute to AI
use intention. Understanding these differences is important
because educational strategies that are effective for one
learner group may not be equally effective for another.

Therefore, this study examined the factors associated
with AI use intention among medical students and faculty
members. Specifically, we investigated the relative contribu-
tions of perceived benefits, perceived risks, and AI literacy
to AI use intention and examined whether the relationship
between AI literacy and AI use intention differed according to
learner group.

Methods
Study Design
This cross-sectional survey was conducted between January
and February 2026 at the University of Ulsan College of
Medicine to examine factors associated with AI use intention
among medical students and faculty members. Specifically,
this study compared AI-related characteristics, AI percep-
tions, AI literacy, and AI use intention between the 2 groups
and identified factors independently associated with AI use
intention within each group.
Participants
Eligible participants included all enrolled second-year
premedical students and first- through fourth-year medical
students (n=200), as well as all full-time faculty members
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(n=532) at the University of Ulsan College of Medicine.
First-year premedical students were excluded because the
survey was conducted before their enrollment.

An invitation containing information about the study
and a link to the anonymous web-based questionnaire was
distributed through the institutional communication system.
Participation was voluntary, and no incentives were provided.

A total of 235 participants completed the survey, includ-
ing 141 (60%) medical students (response rate: 141/200,
70.5%) and 94 (40%) faculty members (response rate: 94/532,
17.7%). Only complete questionnaires were included in the
final analyses. This online survey is reported in accordance
with the CHERRIES (Checklist for Reporting Results of
Internet E-Surveys) guidelines (Checklist 1).
Ethical Considerations
This study was approved by the Institutional Review Board of
Asan Medical Center (S2025-2554-0001). Before access-
ing the questionnaire, all participants received informa-
tion regarding the study purpose, voluntary participation,
confidentiality, and data protection. Electronic informed
consent was obtained before participation.

The survey was conducted anonymously, and no person-
ally identifiable information was collected. All data were
stored in deidentified form and used exclusively for research
purposes.
Measures

Overview
The questionnaire included items assessing demographic and
AI-related characteristics, AI perceptions, AI use intention,
and AI literacy. To establish content validity, 2 experts
in medical education independently reviewed all question-
naire items for clarity, relevance, and appropriateness. The
questionnaire was revised based on their feedback before
finalization.

Demographic and AI-Related Characteristics
Demographic variables included sex, age, medical specialty
(or intended career path for students), and previous experi-
ence with AI education. AI-related characteristics included
familiarity with AI, self-rated AI knowledge, and frequency
of AI use.

AI Perceptions
Items assessing perceived benefits, perceived risks, and AI
use intention were adapted from the TAM [13], the UTAUT
[14], and previous studies on AI acceptance in medicine [10,
20].

Perceived benefits were measured using 6 items assessing
expectations regarding AI-assisted diagnosis and treatment,
improved efficiency, and enhanced clinical accuracy.
Perceived risks were measured using 3 items assessing
concerns related to impaired clinical judgment, potential
diagnostic errors, and privacy issues. Item-level descriptive
statistics, corrected item-total correlations, and Cronbach α

values if each item was deleted are provided in Table S1 in
Multimedia Appendix 1.

AI use intention was measured using a single item
assessing participants’ intention to use AI in future education,
clinical practice, and research. All items were rated on a
5-point Likert scale, with higher scores indicating stronger
agreement (Multimedia Appendix 2).

AI Literacy
AI literacy was measured using a 10-item instrument
developed based on the integrated health literacy model
proposed by Sørensen et al [21] and adapted to AI competen-
cies described by Miao et al [22]. The instrument consisted
of 4 domains: access (2 items), understanding (2 items),
judgment (3 items), and application (3 items). The 4 domains
assess participants’ ability to identify reliable AI information
sources, understand AI-related concepts, critically evaluate
AI-generated information, and appropriately apply AI in
educational and professional contexts. All items were rated
on a 5-point Likert scale, with higher scores indicating greater
AI literacy (Multimedia Appendix 3).
Statistical Analysis
Statistical analyses were performed using Jamovi (version
2.7.24). Continuous variables are presented as means and
SDs, whereas categorical variables are presented as frequen-
cies and percentages. The internal consistency of all multi-
item scales was evaluated using Cronbach α coefficients, with
values greater than 0.70 considered acceptable. Skewness and
kurtosis were examined to assess the assumption of univariate
normality.

Baseline characteristics were compared between medical
students and faculty members using independent-sample
2-tailed t tests for continuous variables and chi-square tests
for categorical variables. Homogeneity of variances was
assessed using the Levene test, and the Welch t test was
applied when the assumption of equal variances was violated.

Unadjusted between-group comparisons were considered
the primary descriptive comparisons. Exploratory analyses of
covariance additionally adjusted for sex, age, and previous
AI education because these characteristics differed between
groups. However, age was strongly associated with learner
group, and the age distributions of students and faculty had
limited overlap. Therefore, age-adjusted group estimates were
treated as sensitivity analyses and were not interpreted as
representing a causal or directly comparable student-faculty
contrast.

Pearson correlation analyses were conducted separately
for medical students and faculty members. Group-specific
multiple linear regression models were estimated to describe
associations with AI use intention. To directly test whether
predictor associations differed by participant group, a pooled
regression model included participant group and group-by-
predictor interaction terms for perceived benefits, perceived
risks, total AI literacy, and AI use frequency. Continuous
predictors were mean centered before interaction terms
were constructed. The pooled model additionally included
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AI knowledge, AI familiarity, sex, age, and previous AI
education. Because AI use intention was measured on a
bounded 5-point scale and showed a marked ceiling effect,
HC3 heteroscedasticity–robust SEs were used for primary
inferential interpretation. Ordinal logistic regression was
conducted as a sensitivity analysis using the same predic-
tor set. For this analysis, perceived benefits, perceived
risks, total AI literacy, and AI use frequency were standar-
dized before constructing the group-by-predictor interaction
terms; thus, the corresponding odds ratios represent asso-
ciations per 1-SD increase. The proportional odds assump-
tion was also assessed. Complete ordinal logistic regression
results, including main effects, interaction terms, threshold
estimates, model fit statistics, and assessment of the propor-
tional odds assumption, are provided in Table S2 in Multi-
media Appendix 1. Additional sensitivity analyses examined
reduced predictor sets to evaluate the stability of the student
AI literacy coefficient. Multicollinearity was assessed using
variance inflation factors and tolerance statistics. Results
are reported as unstandardized coefficients; standardized
coefficients where applicable; odds ratios for ordinal logistic
regression; 95% CIs; and 2-sided P values, with P<.05
considered statistically significant.

Results
Demographic Characteristics of the
Participants
A total of 235 participants completed the survey, comprising
141 (60%) medical students and 94 (40%) faculty members
(Table 1). Among the students, 58.2% (82/141) were male,
and the mean age was 23.6 (SD 1.87) years. Second-year
premedical students constituted the largest academic year
subgroup (38/141, 27.0%). Regarding intended career paths,
surgery was the most frequently selected option (53/141,
37.6%).

Among the faculty members, 71.3% (67/94) were male,
and the mean age was 48.9 (SD 7.58) years. Half (47/94,
50%) of the faculty participants were professors. Regarding
medical specialties, other clinical specialties represented the
largest category (45/94, 47.9%). Their mean professional
experience was 17.3 (SD 8.19) years.

Table 1. Participant characteristics.
Characteristics and categories Students (n=141) Faculty (n=94)
Sex, n (%)
  Male 82 (58.2) 67 (71.3)
  Female 59 (41.8) 27 (28.7)
Age (y), mean (SD) 23.6 (1.87) 48.9 (7.58)
Academic year, n (%)
  Premedical year 2 38 (27.0) —a

  Medical year 1 35 (24.8) —
  Medical year 2 21 (14.9) —
  Medical year 3 31 (22.0) —
  Medical year 4 16 (11.3) —
Academic position, n (%)
  Professor — 47 (50)
  Associate professor — 27 (28.7)
  Assistant professor — 19 (20.2)
  Nontenure position — 1 (1.1)
Professional experience (y), mean (SD) — 17.3 (8.19)
Intended career path (students) or specialty (faculty), n (%)
  Internal medicine 36 (25.5) 22 (23.4)
  Surgery 53 (37.6) 16 (17.0)
  Other clinical specialties 36 (25.5) 45 (47.9)
  Research or nonclinical field 3 (2.1) 11 (11.7)
  Undecided 13 (9.2) —

aNot applicable.

Comparison of Demographic and
AI-Related Characteristics Between
Students and Faculty
In the unadjusted comparisons, significant between-group
differences were observed for sex (χ21=4.2; P=.04), age

(t100.6=−31.7; P<.001), and previous AI education (χ21=18.2;
P<.001; Table 2). Faculty members included a higher
proportion of male individuals, whereas students reported
greater previous AI education experience. Because age was
strongly confounded with learner group and the observed age
ranges had limited overlap, the covariate-adjusted estimates
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that follow are presented as exploratory sensitivity analyses
and should not be interpreted as comparisons of otherwise
equivalent students and faculty members.

In the exploratory covariate-adjusted analysis, faculty
members reported more frequent AI use than students
(adjusted mean 4.13, SE 0.224 vs 3.30, SE 0.159;

F1,230=5.550; P=.02). No adjusted differences were observed
in AI knowledge level (F1,230=0.132; P=.72) or AI famili-
arity (F1,230=0.304; P=.58). These adjusted findings should
be interpreted cautiously because of the limited age overlap
between groups.

Table 2. Comparison of demographic and AI-related characteristics between medical students and faculty members.
Characteristics Students (n=141) Faculty (n=94) Statistic (df) P value
Male sex, n (%) 82 (58.2) 67 (71.3) χ2=4.2 (1) .04
Age (y), mean (SD) 23.6 (1.87) 48.9 (7.58) t=–31.7 (100.6) <.001
Previous AI education, n (%) 98 (69.5) 39 (41.5) χ2=18.2 (1) <.001
AI use frequencya (possible range 1-5), adjusted mean (SE) 3.30 (0.159) 4.13 (0.224) F=5.550 (1,230) .02
AI knowledgea (possible range 1-5), adjusted mean (SE) 2.53 (0.131) 2.64 (0.185) F=0.132 (1,230) .72
AI familiaritya (possible range 1-5), adjusted mean (SE) 2.86 (0.150) 3.04 (0.212) F=0.304 (1,230) .58

aAdjusted means from analysis of covariance controlling for sex, age, and previous AI education.

Reliability of the Study Instruments
The AI perception and AI literacy instruments demonstrated
acceptable internal consistency in the present sample. The
Cronbach α was 0.884 for the perceived benefits subscale and
0.617 for the perceived risks subscale. For the AI literacy
instrument, Cronbach α values ranged from 0.726 to 0.847
across the 4 domains, and the overall scale demonstrated
excellent internal consistency (Cronbach α=0.899).
Between-Group Differences in AI
Perceptions and AI Literacy
In exploratory analysis of covariance sensitivity analyses
adjusting for sex, age, and previous AI education, no

statistically significant differences were observed between
medical students and faculty members in perceived bene-
fits, perceived risks, AI use intention, or any AI literacy
domain (P>.05 in all cases; Table 3). Given the strong
association between age and learner group and limited age
overlap, these adjusted means are descriptive sensitivity
estimates rather than evidence of equivalent student-faculty
populations. Item-level analysis of the perceived-risk scale
in the full sample showed mean scores of 3.65 (SD 1.10),
3.81 (SD 0.91), and 3.93 (SD 0.94) for impaired clinical
judgment, potential diagnostic errors, and privacy concerns,
respectively; corrected item-total correlations ranged from
0.391 to 0.455.; detailed item-level results are provided in
Table S1 in Multimedia Appendix 1.

Table 3. Adjusted comparisons of AI perceptions and AI literacy between medical students and faculty members. Adjusted means were estimated in
an exploratory analysis of covariance sensitivity analysis controlling for sex, age, and previous AI education. Because age was strongly associated
with learner group and age distributions had limited overlap, adjusted group estimates should be interpreted cautiously.
Categories and variables Students, mean (SE) Faculty, mean (SE) F test (df) P value
AI perception
  Perceived benefits (possible range 1-5) 3.94 (0.101) 4.02 (0.142) 0.127 (1,230) .72
  Perceived risks (possible range 1-5) 3.90 (0.117) 3.63 (0.165) 1.111 (1,230) .29
  AI use intention (possible range 1-5) 4.30 (0.109) 4.56 (0.155) 1.068 (1,230) .30
AI literacy
  Access (possible range 1-5) 3.91 (0.126) 4.27 (0.178) 1.674 (1,230) .20
  Understanding (possible range 1-5) 3.97 (0.110) 4.29 (0.156) 1.748 (1,230) .19
  Judgment (possible range 1-5) 3.71 (0.113) 3.96 (0.159) 0.958 (1,230) .33
  Application (possible range 1-5) 3.89 (0.105) 3.89 (0.148) <0.001 (1,230) .98
  Total (possible range 1-5) 3.85 (0.094) 4.07 (0.132) 1.043 (1,230) .31

Correlation Analysis
Correlation analyses were conducted separately for medical
students and faculty members (Tables 4 and 5). Among
medical students, perceived benefits showed a strong positive
correlation with AI use intention (r=0.660; P<.001), whereas
total AI literacy was weakly and nonsignificantly associated
with AI use intention (r=0.155; P=.07). Perceived risks

demonstrated a weak positive correlation with AI use
intention (r=0.293; P<.001).

Among faculty members, both perceived benefits
(r=0.588; P<.001) and total AI literacy (r=0.408; P<.001)
were positively correlated with AI use intention, whereas
perceived risks were not significantly associated with AI use
intention (r=0.140; P=.18).
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Table 4. Pearson correlations among AI perceptions, AI literacy, and AI use intention in medical students (n=141).
Perceived benefits Perceived risks Total AI literacy AI use intention

Perceived benefits 1 0.238a 0.295 0.660
Perceived risks 0.238a 1 0.427 0.293
Total AI literacy 0.295b 0.427b 1 0.155
AI use intention 0.660b 0.293b 0.155 1

aP<.01.
bP<.001.

Table 5. Pearson correlations among AI perceptions, AI literacy, and AI use intention in faculty members (n=94).
Perceived benefits Perceived risks Total AI literacy AI use intention

Perceived benefits 1 0.170 0.332 0.588
Perceived risks 0.170 1 0.005 0.140
Total AI literacy 0.332a 0.005 1 0.408
AI use intention 0.588b 0.140 0.408b 1

aP<.01.
bP<.001.

Factors Associated With AI Use Intention
Group-specific multiple linear regression models retaining
the full covariate set (perceived benefits, perceived risks,
AI literacy, AI use frequency, AI knowledge, AI familiar-
ity, sex, age, and previous AI education) were estimated for
students and faculty members (Table 6). HC3 heteroscedastic-
ity–robust SEs were used as the primary basis for inference
because the bounded intention outcome showed a marked
ceiling effect.

Among faculty members, perceived benefits were
positively associated with AI use intention (B=0.529, HC3
95% CI 0.288-0.771; standardized β=0.503; P<.001). AI use
frequency also remained positively associated with intention
(B=0.137, HC3 95% CI 0.025-0.249; standardized β=0.257;
P=.02). AI literacy was positive in the conventional linear
model but marginal with HC3 inference (B=0.221, HC3 95%
CI −0.018 to 0.460; P=.07).

Table 6. Multiple linear regression models predicting AI use intention among medical students and faculty members.a
Predictors Students (n=141)b Faculty (n=94)c

B (HC3 95% CI) β B (HC3 95% CI) β
Perceived benefits 0.665d (0.503 to 0.828) 0.590 0.529d (0.288 to 0.771) 0.503
Perceived risks 0.187 (−0.037 to 0.411) 0.192 0.056 (−0.082 to 0.194) 0.060
AI literacy −0.197e (−0.382 to −0.012) −0.163 0.221 (−0.018 to 0.460) 0.200
AI use frequency 0.063 (−0.074 to 0.200) 0.079 0.137e (0.025 to 0.249) 0.257
AI knowledge level 0.062 (−0.067 to 0.191) 0.078 −0.048 (−0.278 to 0.182) −0.054
Familiarity 0.063 (−0.077 to 0.202) 0.083 −0.097 (−0.263 to 0.069) −0.140
Sex (female) −0.120 (−0.318 to 0.078) −0.082 −0.069 (−0.349 to 0.211) −0.047
Age −0.017 (−0.073 to 0.038) −0.044 0.003 (−0.015 to 0.022) 0.038
AI education experience 0.096 (−0.145 to 0.336) 0.061 0.106 (−0.164 to 0.375) 0.078

aB indicates the unstandardized regression coefficient, and β indicates the standardized coefficient from the corresponding ordinary least squares
model. The 95% CIs and P values were estimated using HC3 heteroscedasticity–robust SEs. All variance inflation factors were below 2.0, indicating
no problematic multicollinearity.
bR2=0.510; adjusted R2=0.476; F9,131=15.14; P<.001.
cR2=0.452; adjusted R2=0.393; F9,84=7.69; P<.001.
dP<.001
eP<.05.

Pooled Interaction and Sensitivity
Analyses
In the pooled HC3-robust regression model (N=235), the
group-by–AI literacy interaction was statistically signifi-
cant (B=0.361, 95% CI 0.083-0.638; P=.01), indicating
that the adjusted association between AI literacy and use
intention differed between students and faculty members.
The interactions for perceived benefits, perceived risks,

and AI use frequency were not significant (Table 7). The
model explained 47.0% of the variance (adjusted R2=0.436;
F14,220=11.88; P<.001).

AI use intention showed a marked ceiling effect: 55.3%
(130/235) of participants selected “strongly agree” (score 5),
and 36.6% (86/235) selected “agree” (score 4). In ordi-
nal logistic sensitivity analyses, the group-by–AI literacy
interaction remained significant (odds ratio 2.48, 95% CI
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1.24-4.98; P=.01), whereas the other interactions remained
nonsignificant. Complete ordinal logistic regression results,
including main effects, interaction terms, threshold estimates,
model fit statistics, and assessment of the proportional
odds assumption, are provided in Table S2 in Multimedia
Appendix 1. The student AI literacy coefficient was not

stable across reduced linear models, and the positive student
perceived risk coefficient was not significant with HC3 robust
inference. These findings support limiting the principal group
difference claim to the AI literacy interaction and interpreting
subgroup coefficients cautiously.

Table 7. Group-by-predictor interactions in pooled HC3 linear and ordinal logistic regression models.a
Interaction B (HC3 95% CI) P value Ordinal ORb (95% CI) P value
Group × perceived benefits −0.172 (−0.452 to 0.107) .23 0.73 (0.36 to 1.49) .39
Group × perceived risks −0.132 (−0.405 to 0.140) .34 0.73 (0.37 to 1.44) .36
Group × AI literacy 0.361 (0.083 to 0.638) .01 2.48 (1.24 to 4.98) .01
Group × AI use frequency −0.002 (−0.151 to 0.148) .98 0.98 (0.48 to 1.96) .94

aB indicates the unstandardized regression coefficient from the pooled linear regression model estimated using HC3 heteroscedasticity–robust SEs. P
values were estimated using HC3 heteroscedasticity–robust SEs for the linear regression model.
bOR: odds ratio from the ordinal logistic regression model.

Discussion
Principal Findings
This study examined factors associated with broad self-repor-
ted AI use intention among medical students and faculty
members within a single medical school. Three principal
findings emerged.

First, perceived benefits were consistently and strongly
associated with AI use intention in both learner groups. This
association remained robust across the primary regression
analyses and sensitivity analyses using HC3 heteroscedastic-
ity–robust SEs. These findings suggest that participants who
perceived AI as beneficial for education, research, or clinical
practice were more likely to report intentions to use AI
regardless of learner group.

Second, the pooled interaction analysis demonstrated that
the adjusted association between AI literacy and AI use
intention differed significantly between medical students and
faculty members. Importantly, this conclusion was based
on direct statistical testing of the interaction rather than
comparison of separate subgroup regressions. However, the
subgroup-specific pattern should be interpreted cautiously.
Among students, the zero-order association between AI
literacy and use intention was weak and positive, whereas
the adjusted regression coefficient became negative only after
controlling for correlated AI-related variables and varied
across reduced models. This pattern is compatible with
suppression or shared variance rather than a stable inverse
relationship. In contrast, among faculty members, AI literacy
showed a positive association with AI use intention that was
generally consistent across analyses.

Third, although perceived risks appeared positively
associated with AI use intention among students in the
conventional regression model, this association was attenu-
ated and no longer statistically significant when HC3-robust
SEs were applied. Moreover, the pooled interaction model
did not demonstrate a significant difference between students
and faculty members for perceived risks. Accordingly,

this finding should be regarded as exploratory rather than
evidence that greater awareness of AI-related risks increases
willingness to use AI.
Comparison With Previous Studies
The finding that perceived benefits represented the strongest
correlate of AI use intention is consistent with those of
previous studies examining technology acceptance in health
care. The TAM and UTAUT consistently identify perceived
usefulness or performance expectancy as the principal
determinant of behavioral intention. Similarly, recent studies
involving physicians, medical students, and other health
care professionals have reported that expected educational
or clinical benefits are the most influential predictors of AI
acceptance. Our findings extend this literature by demonstrat-
ing that perceived benefits remained the dominant correlate
of AI use intention even after accounting for AI literacy,
perceived risks, AI familiarity, AI knowledge, and previous
AI education.

The relationship between AI literacy and AI use intention
was more complex. Previous studies have generally assumed
that greater AI literacy facilitates AI adoption because users
become more confident in understanding and applying AI
technologies. However, there is emerging evidence also
suggesting that greater AI literacy may increase awareness of
AI limitations, uncertainty, ethical concerns, and the need for
critical evaluation. Rather than demonstrating that AI literacy
has uniformly positive or negative effects, our findings
suggest that its association with AI use intention may depend
on learners’ educational and professional contexts. Faculty
members who routinely integrate AI into teaching, research,
or clinical work may experience AI literacy primarily as
a practical competency, whereas students may simultane-
ously acquire greater awareness of both the opportunities
and limitations of AI during training. Because the adjusted
student coefficient was sensitive to model specification, these
findings should be interpreted as evidence of contextual
variation rather than evidence that greater AI literacy reduces
students’ willingness to use AI.
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Our findings also highlight the importance of distinguish-
ing between broad AI use and specific AI applications.
The present questionnaire assessed general intention to use
AI across education, research, and clinical practice rather
than focusing on a particular AI technology such as gen-
erative AI or clinical decision support systems. These
contexts differ substantially with respect to task complex-
ity, responsibility, explainability requirements, governance,
and acceptable levels of risk. Recent studies suggest that
trust, governance, institutional policies, and clinical con-
text substantially influence AI adoption in health care. For
example, a 2026 survey of health care practitioners found
that trust and perceived risk jointly shaped AI acceptance
and readiness, with trust functioning as a construct distinct
from perceived benefit or risk alone [23], and work on health
chatbot adoption has shown that perceived risk lowers trust
both directly and indirectly through perceived usefulness
and self-efficacy [24]. Separately, studies of generative AI
integration into medical curricula indicate that adoption is
shaped substantially by institutional governance, including
policy on permitted use and equitable platform access, in
addition to individual perceptions of benefit or risk [25].
Because trust and governance constructs were not directly
measured in the present study, future investigations should
incorporate them explicitly, distinguish among different
categories of AI technologies, and examine how determinants
of AI acceptance vary across educational and clinical settings.
Educational Implications
Although the present findings are exploratory, they suggest
several implications for AI education in medical schools.
The significant interaction between learner group and AI
literacy indicates that identical educational approaches may
not address the needs of students and faculty members
equally. Future educational interventions for students may
benefit from emphasizing supervised AI application, critical
appraisal of AI-generated information, appropriate calibra-
tion of trust, and responsible clinical reasoning rather than
focusing exclusively on conceptual knowledge. For faculty
members, educational programs may place greater empha-
sis on integrating AI into authentic teaching, research, and
clinical activities while supporting confident and appropriate
implementation.

Importantly, these implications should be regarded as
educational hypotheses rather than evidence-based curricu-
lar recommendations. Because this study did not evaluate
educational interventions, curriculum design, or subsequent
AI use behavior, further longitudinal and intervention studies
are needed before specific educational strategies can be
recommended.
Limitations
Several limitations should be acknowledged.

First, participants were recruited from a single medical
school, and the faculty response rate was relatively low.
Consequently, self-selection bias cannot be excluded, and
the findings may not be generalizable to other institutions or
health care settings.

Second, the cross-sectional design and reliance on
self-reported questionnaire data preclude causal inference.
The observed associations cannot determine whether AI
use frequency increases AI use intention, whether stronger
intentions lead to more frequent AI use, or whether both are
influenced by other unmeasured factors.

Third, AI use intention was assessed using a single
broad item encompassing education, research, and clini-
cal practice. Although this approach captured participants’
overall intention to use AI, it could not distinguish among
different AI technologies or application contexts and did
not permit assessment of measurement error. Future studies
should use validated multi-item measures and separately
examine intentions related to generative AI, clinical decision
support systems, and other AI applications.

Fourth, although the AI literacy instrument was adap-
ted from established theoretical frameworks and demonstra-
ted acceptable internal consistency, additional psychometric
evaluation—including exploratory or confirmatory factor
analysis, construct validation, and measurement invariance
across learner groups—was beyond the scope of the present
study. Future research should further validate the measure-
ment properties of this instrument in larger and more diverse
samples.

Finally, the perceived risk subscale demonstrated
relatively limited internal consistency and combined concerns
related to clinical judgment, diagnostic errors, and privacy.
Furthermore, the positive association between perceived risks
and AI use intention among students was not robust in
HC3 sensitivity analyses, and the corresponding interaction
effect was not statistically significant. Consequently, findings
related to perceived risks should be interpreted cautiously
until replicated in future studies using more refined measures
of AI-related risk.
Conclusions
Perceived benefits were consistently associated with stronger
broad self-reported AI use intention among both medical
students and faculty members. The association between AI
literacy and AI use intention differed according to learner
group, although the underlying mechanism remains uncer-
tain. These findings provide exploratory evidence that learner
context may shape AI use intention and highlight the need for
multicenter longitudinal studies using validated measures to
better understand AI adoption in medical education.

Acknowledgments
During the preparation of this manuscript, the authors used generative AI tools (Claude Sonnet 4.6; Anthropic and ChatGPT
using GPT-5.6 Sol; OpenAI) to assist with interpreting peer review comments; discussing potential revisions and additional
statistical analyses; conducting supplementary literature searches; and improving the organization, language, and clarity of the

JMIR MEDICAL EDUCATION Lee et al

https://mededu.jmir.org/2026/1/e105032 JMIR Med Educ 2026 | vol. 12 | e105032 | p. 8
(page number not for citation purposes)

https://mededu.jmir.org/2026/1/e105032


manuscript text. All statistical analyses reported in this manuscript were independently performed and verified by the authors
using Jamovi (version 2.7.24). All AI-generated suggestions and text were critically reviewed, revised, and verified by the
authors. The authors take full responsibility for the content of this publication.
Funding
This research received no external funding.
Data Availability
The data presented in this study are available on reasonable request from the corresponding author (SJC; edujin1@ulsan.ac.kr).
The data are not publicly available due to privacy and ethical restrictions related to the protection of participant information.
Authors’ Contributions
Conceptualization: BL, SJC
Data curation: GB
Formal analysis: BL, SJC
Investigation: GB
Methodology: BL
Supervision: SJC
Writing—original draft: BL
Writing—review and editing: SJC
All authors have read and agreed to the published version of the manuscript.
Conflicts of Interest
None declared.
Multimedia Appendix 1
Item-level descriptive statistics for the perceived-risk scale and complete ordinal logistic regression model predicting AI use
intention in the pooled sample.
[DOCX File (Microsoft Word File), 19 KB-Multimedia Appendix 1]

Multimedia Appendix 2
AI perception survey instrument.
[DOCX File (Microsoft Word File), 15 KB-Multimedia Appendix 2]

Multimedia Appendix 3
AI literacy survey instrument.
[DOCX File (Microsoft Word File), 15 KB-Multimedia Appendix 3]

Checklist 1
CHERRIES checklist.
[DOCX File (Microsoft Word File), 38 KB-Checklist 1]
References
1. Krishnan G, Singh S, Pathania M, et al. Artificial intelligence in clinical medicine: catalyzing a sustainable global

healthcare paradigm. Front Artif Intell. 2023;6:1227091. [doi: 10.3389/frai.2023.1227091] [Medline: 37705603]
2. Mehta N, Mehta S, Rubenstein A, Wood SK. Not replaced, but reinvented: AI education pathways to prepare future

physicians to lead healthcare transformation. Perspect Med Educ. Nov 21, 2025;14(1):849-859. [doi: 10.5334/pme.2233]
[Medline: 41278578]

3. Tanaka H. The third revolution of medicine by big data and artificial intelligence. Chem Bio Inform J. 2025;25:53-70.
[doi: 10.1273/cbij.25.53]

4. Agarwal R, Dugas M, Gao G. Augmenting physicians with artificial intelligence to transform healthcare: challenges and
opportunities. J Econ Manag Strategy. Mar 2024;33(2):360-374. [doi: 10.1111/jems.12555]

5. Sezgin E. Artificial intelligence in healthcare: complementing, not replacing, doctors and healthcare providers. Digit
Health. Jul 2, 2023;9:20552076231186520. [doi: 10.1177/20552076231186520] [Medline: 37426593]

6. WMA statement on artificial and augmented intelligence in medical care. World Medical Association. Oct 11, 2025.
URL: https://www.wma.net/policies-post/wma-statement-on-artificial-and-augmented-intelligence-in-medical-care/
[Accessed 2026-09-07]

JMIR MEDICAL EDUCATION Lee et al

https://mededu.jmir.org/2026/1/e105032 JMIR Med Educ 2026 | vol. 12 | e105032 | p. 9
(page number not for citation purposes)

https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app1.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app1.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app2.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app2.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app3.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app3.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app4.docx
https://jmir.org/api/download?alt_name=mededu_v12i1e105032_app4.docx
https://doi.org/10.3389/frai.2023.1227091
http://www.ncbi.nlm.nih.gov/pubmed/37705603
https://doi.org/10.5334/pme.2233
http://www.ncbi.nlm.nih.gov/pubmed/41278578
https://doi.org/10.1273/cbij.25.53
https://doi.org/10.1111/jems.12555
https://doi.org/10.1177/20552076231186520
http://www.ncbi.nlm.nih.gov/pubmed/37426593
https://www.wma.net/policies-post/wma-statement-on-artificial-and-augmented-intelligence-in-medical-care/
https://mededu.jmir.org/2026/1/e105032


7. Kim S, Kim SH, Kim H, Lee YM. Integrating artificial intelligence into medical curricula: perspectives of faculty and
students in South Korea. Korean J Med Educ. Mar 2025;37(1):65-70. [doi: 10.3946/kjme.2025.324] [Medline:
40049684]

8. Lee I, Lee YM. Development of a medical AI ethics education module reflecting AI competency framework for medical
students. Korean Med Educ Rev. Feb 2025;27(1):17-25. [doi: 10.17496/kmer.24.042]

9. Plan to foster over 1,000 talents over five years in the fields of AI diagnosis and prediction, new drug development, and
medical device development [Article in Korean]. Ministry of Health and Welfare, Republic of Korea. 2025. URL: https:/
/www.mohw.go.kr/board.es?act=view&bid=0027&list_no=1487140&mid=a10503010100 [Accessed 2026-09-07]

10. Chen M, Zhang B, Cai Z, et al. Acceptance of clinical artificial intelligence among physicians and medical students: a
systematic review with cross-sectional survey. Front Med (Lausanne). Aug 31, 2022;9:990604. [doi: 10.3389/fmed.2022.
990604] [Medline: 36117979]

11. Tao W, Yang J, Qu X. Utilization of, perceptions on, and intention to use AI chatbots among medical students in China:
national cross-sectional study. JMIR Med Educ. Oct 28, 2024;10:e57132. [doi: 10.2196/57132] [Medline: 39466038]

12. Wagner G, Raymond L, Paré G. Understanding prospective physicians’ intention to use artificial intelligence in their
future medical practice: configurational analysis. JMIR Med Educ. Mar 22, 2023;9:e45631. [doi: 10.2196/45631]
[Medline: 36947121]

13. Davis FD. Perceived usefulness, perceived ease of use, and user acceptance of information technology. MIS Q. Sep
1989;13(3):319-340. [doi: 10.2307/249008]

14. Venkatesh V, Morris MG, Davis GB, Davis FD. User acceptance of information technology: toward a unified view. MIS
Q. Sep 1, 2003;27(3):425-478. [doi: 10.2307/30036540]

15. Dai Q, Li M, Yang M, et al. Attitudes, perceptions, and factors influencing the adoption of AI in health care among
medical staff: nationwide cross-sectional survey study. J Med Internet Res. Aug 8, 2025;27:e75343. [doi: 10.2196/
75343] [Medline: 40779308]

16. Schulz PJ, Kee KM, Lwin MO, et al. Clinical experience and perception of risk affect the acceptance and trust of using
AI in medicine. Front Digit Health. Sep 2, 2025;7:1620127. [doi: 10.3389/fdgth.2025.1620127] [Medline: 40964535]

17. Turinici M. Understanding the impact of perceived risks on AI adoption among physicians. Rev Econ Bus Stud.
2025;18(2):33-49. [doi: 10.47743/rebs-2025-2-0002]

18. Laupichler MC, Aster A, Meyerheim M, Raupach T, Mergen M. Medical students’ AI literacy and attitudes towards AI:
a cross-sectional two-center study using pre-validated assessment instruments. BMC Med Educ. Apr 10, 2024;24(1):401.
[doi: 10.1186/s12909-024-05400-7] [Medline: 38600457]

19. Ma S, Lu Y, Wu H, Zhou Q, Huang H, Song J. Knowledge, trust attitudes, and behaviors towards AI and their
association with critical thinking disposition in Chinese undergraduate medical students: a cross-sectional study. BMC
Med Educ. Apr 28, 2026;26(1):955. [doi: 10.1186/s12909-026-09318-0] [Medline: 42050524]

20. Ghozali MT, Satibi G, Fortwengel G. Adoption intentions toward AI-based clinical decision support tools: a TAM study
on hospital pharmacists. J Inf Commun Technol. Jul 2025;24(3):44-69. [doi: 10.32890/jict2025.24.3.3]

21. Sørensen K, Van den Broucke S, Fullam J, et al. Health literacy and public health: a systematic review and integration of
definitions and models. BMC Public Health. Jan 25, 2012;12:80. [doi: 10.1186/1471-2458-12-80] [Medline: 22276600]

22. Miao Y, Zhang Y, Zhao C, Ma S, Wang J. Development and validity testing of the Medical Student Artificial
Intelligence Information Literacy Scale (MS-AIILS). Research Square. Preprint posted online on Sep 10, 2025. [doi: 10.
21203/rs.3.rs-7327894/v1]

23. Alsalloum G, Badr Y, Alzaatreh A, et al. Acceptance and readiness for AI among United Arab Emirates-based health
care practitioners: exploratory cross-sectional survey. JMIR AI. Apr 17, 2026;5:e80173. [doi: 10.2196/80173] [Medline:
42012070]

24. Song L, Liu J, Yasin M, Mokhtar MM. Perceived risk and trust towards health chatbots: extending TAM with self-
efficacy. Information. 2026;17(5):439. [doi: 10.3390/info17050439]

25. Rueff G, Monaco P, Rusinol AE, Hernandez M. Challenges in the rapid and responsible integration of generative
artificial intelligence (AI) into a new medical school curriculum. Cureus. Jun 26, 2025;17(6):e86796. [doi: 10.7759/
cureus.86796] [Medline: 40718215]

Abbreviations
CHERRIES: Checklist for Reporting Results of Internet E-Surveys
TAM: technology acceptance model
UTAUT: unified theory of acceptance and use of technology

JMIR MEDICAL EDUCATION Lee et al

https://mededu.jmir.org/2026/1/e105032 JMIR Med Educ 2026 | vol. 12 | e105032 | p. 10
(page number not for citation purposes)

https://doi.org/10.3946/kjme.2025.324
http://www.ncbi.nlm.nih.gov/pubmed/40049684
https://doi.org/10.17496/kmer.24.042
https://www.mohw.go.kr/board.es?act=view&bid=0027&list_no=1487140&mid=a10503010100
https://www.mohw.go.kr/board.es?act=view&bid=0027&list_no=1487140&mid=a10503010100
https://doi.org/10.3389/fmed.2022.990604
https://doi.org/10.3389/fmed.2022.990604
http://www.ncbi.nlm.nih.gov/pubmed/36117979
https://doi.org/10.2196/57132
http://www.ncbi.nlm.nih.gov/pubmed/39466038
https://doi.org/10.2196/45631
http://www.ncbi.nlm.nih.gov/pubmed/36947121
https://doi.org/10.2307/249008
https://doi.org/10.2307/30036540
https://doi.org/10.2196/75343
https://doi.org/10.2196/75343
http://www.ncbi.nlm.nih.gov/pubmed/40779308
https://doi.org/10.3389/fdgth.2025.1620127
http://www.ncbi.nlm.nih.gov/pubmed/40964535
https://doi.org/10.47743/rebs-2025-2-0002
https://doi.org/10.1186/s12909-024-05400-7
http://www.ncbi.nlm.nih.gov/pubmed/38600457
https://doi.org/10.1186/s12909-026-09318-0
http://www.ncbi.nlm.nih.gov/pubmed/42050524
https://doi.org/10.32890/jict2025.24.3.3
https://doi.org/10.1186/1471-2458-12-80
http://www.ncbi.nlm.nih.gov/pubmed/22276600
https://doi.org/10.21203/rs.3.rs-7327894/v1
https://doi.org/10.21203/rs.3.rs-7327894/v1
https://doi.org/10.2196/80173
http://www.ncbi.nlm.nih.gov/pubmed/42012070
https://doi.org/10.3390/info17050439
https://doi.org/10.7759/cureus.86796
https://doi.org/10.7759/cureus.86796
http://www.ncbi.nlm.nih.gov/pubmed/40718215
https://mededu.jmir.org/2026/1/e105032


Edited by David Chartash; peer-reviewed by Ning Ding, Shi Chen, Wu Dong; submitted 18.Jun.2026; final revised version
received 19.Aug.2026; accepted 31.Aug.2026; published 24.Sep.2026

Please cite as:
Lee B, Bang G, Chae SJ
Medical AI Use Intention Among Medical Students and Faculty and Its Associations With AI Literacy, Perceived Benefits,
and Risks: Cross-Sectional Survey Study
JMIR Med Educ 2026;12:e105032
URL: https://mededu.jmir.org/2026/1/e105032
doi: 10.2196/105032

© Bomyee Lee, Gwanwook Bang, Su Jin Chae. Originally published in JMIR Medical Education (https://mededu.jmir.org),
24.Sep.2026. This is an open-access article distributed under the terms of the Creative Commons Attribution License (https://
creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium, provided
the original work, first published in JMIR Medical Education, is properly cited. The complete bibliographic information, a link
to the original publication on https://mededu.jmir.org/, as well as this copyright and license information must be included.

JMIR MEDICAL EDUCATION Lee et al

https://mededu.jmir.org/2026/1/e105032 JMIR Med Educ 2026 | vol. 12 | e105032 | p. 11
(page number not for citation purposes)

https://mededu.jmir.org/2026/1/e105032
https://doi.org/10.2196/105032
https://mededu.jmir.org
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://mededu.jmir.org/
https://mededu.jmir.org/2026/1/e105032

	Medical AI Use Intention Among Medical Students and Faculty and Its Associations With AI Literacy, Perceived Benefits, and Risks: Cross-Sectional Survey Study
	Introduction
	Methods
	Study Design
	Participants
	Ethical Considerations
	Measures
	Statistical Analysis

	Results
	Demographic Characteristics of the Participants
	Comparison of Demographic and AI-Related Characteristics Between Students and Faculty
	Reliability of the Study Instruments
	Between-Group Differences in AI Perceptions and AI Literacy
	Correlation Analysis
	Factors Associated With AI Use Intention
	Pooled Interaction and Sensitivity Analyses

	Discussion
	Principal Findings
	Comparison With Previous Studies
	Educational Implications
	Limitations
	Conclusions



